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Algorithm 1 Hierarchical decomposition

1:

AN AN

Input: h: set of all hidden units in IV layer ReLU NN,
y: NN output, index: target index

: path = {}

N+1) _
WNFD = dh(N)y

Importance = elemenwiseMultiply(W(N+1) R(V))

*,index’?

: index = argmax(Importance)
. path.add(hN) )

index

9: forn< N —1to0do
10  Whth = _dopntl)
11: Importance = elemenwiseMultiply(W’frz;tdlzz, h(™)
12: index = argmaz(Importance)
13:  path.add(h{"), )
14: return path
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